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VALOR: efficiently implemented LSVEE

Setting: CDP with deterministic hidden state dynamics

• Exploration: prune “equivalent” sequences

• Challenge: equivalence test using observations
• Model V* and !* separately (instead of Q*)
• Can be written as a linear program

• What if we remove determinism?
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OLIVE is NP-hard in the tabular setting

• But common oracles are efficient in tabular case
• e.g., 0-1 loss: majority vote for each s separately
• OLIVE cannot be implemented efficiently with oracles

• Not the end of story
• Lower bound for algorithm, not problem
• Efficient RL in OLIVE’s setting is still an open problem


