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TL;DR: An effective way for resolving conflict in multi-source visual reasoning

lllustration and comparison of multi-source visual reasoning
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(b) Mono-Anchored Reasoning(Ours) Reasoning Outcome
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<think> GRPO

Color Image depicts an urban street at night... Infrared Image provides
better contrast... From the infrared image, we observe one person
riding a motorcycle/scooter on the right-hand side of the frame...
The bounding box should encapsulate the full height of the person,
starting just above the handlebars of the motorcycle/scooter and
extending down past the lower part of the vehicle.

</think>

<answer> [998, 127, 1165, 448] </answer>
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Improve performance general multimodal benchmarks

<think> Ours

Color Image depicts... Infrared Image provides... From the color image,
we see a person riding a motorcycle/scooter on the right side of the frame
Their presence is faintly visible due to the low light... Person 2 is only
visible in the infrared image, this person seems to be standing or
: walking near the motorcycle/scooter. They appear smaller compared to
L O . the rider and are located closer to the center-right of the frame.
Q: Detect all person in .
</think>

I' the scene and return
: their locations in the <answer> [[835, 1, 976, 154], [101 5, 131 y 1139, 340]] </Clnswel‘>

\ form of coordinates.
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Qualitative results of visual reasoning

Conclusion

» We identify that naively integrating multiple
sources where specific source contains
dominant signal can degrade performance.

» We design a novel visual reasoning method to
measure multi-source information gain, enabling
adaptive regulation of sources in RLVR training.
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