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® Scaling toward global restructuring and interactive agents. Local edits can fail when the solution plan needs global restructuring. Extend lifted states to plan-
level revision, tool execution, and multi-turn interaction, and combine single-pass generation with selective search on high-energy queries.

Policy-training energy and task-level net gains. The left panel tracks policy energy and its cumulative
minimum; the right independently reports net correction gains, positive on five of six benchmarks.
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