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Charts carry dense quantitative and relational information, and chart parsing Predictions and references are normalized to a triple view (numeric charts, mind maps) or a graph CAP is a compact semantic scaffold (title, entities, axes, dimensions, key statistics) without low-level
turns them into machine-readable structure for analysis and reasoning. view (flowcharts), then scored with tolerance-aware loU (strict, slight, high; EM and mAP) or node visual detail. The model infers it first, then writes the final parse, giving it explicit structure.
Building a truly general parser is still hard, mainly for two reasons. and edge similarity, so that results stay comparable across output formats.
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® GPT-5 35.1 52.3 48.1 65.1 81.1 78.9 32.0 41.5 19.8 12.8 14.2 46.5 58.1 35.3 76.6 33.5 45.6 45.8 MLLM backbone (HunyuanOCR)  56.3 49.7 37.4 55.0 50.4 26.0
£ Qwen3-VL-8B-Ins. 27.5 58.6 35.5 61.1 77.3 84.7 16.8 42.6 11.6 12.1 13.2 47.9 50.0 41.5 66.4 54.6 37.3 50.4 (a) + Pretrain 62.5 50.2 38.1 58.9 51.8 27.7
m The ChartArena Benchmark Benchmark T % Qwen3-VL-235B-A22B  38.4 67.9 523 73.8 82.6 855 23.2 52.4 14.1 14.1 29.1 582 57.9 49.8 70.8 65.2 46.0 58.4 (b) + SFT, direct (no CAP) 63.1 57.8 44.9 59.6 55.8 37.9
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2 400 8 3 EN + ZH K’ Kimi K2.5 45.2 70.3 60.9 79.8 87.2 86.7 30.2 59.7 40.6 47.6 33.6 63.6 59.9 57.9 80.8 79.4 54.8 68.1 (e) + SFT, CAP on both 64.1 60.4 48.6 62.5 58.1 40.9
¢ Gemini 3.1 Pro 57.9 78.7 67.0 85.3 92.5 95.1 31.8 62.7 32.5 45.2 39.7 70.3 65.6 63.1 86.8 85.2 59.2 73.2
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§ Qualitative result: printed-photo radar chart (EN) @ CAP adds robustness. CAP reasoning lifts hand-drawn numeric charts from 44.9 to 48.6 and
hand-drawn diagrams from 37.9 to 40.9.
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el e sre Englishenlly eaeepi Charet Limitations. Single-page images only (no multi-page charts); scatter plots are not covered yet.

After pretraining and CAP-based SFT, our model recovers every value; Gemini 3.1 Pro replaces uncertain entries with "-".



