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Research Question: The Scale Effect: Analysis: Why Small Models Fail?
Can LLMs as Judges (LLMaaJ) maximize alignment with Instructions distilled from expert annotators demonstrate Small models lack the reasoning capacity to enforce strict numeric
human experts when evaluating a domain-specific text superior scaling, outperforming minimal prompts by a and terminological constraints, leading them to misapply rubric

weights.
As a result, structured prompts amplify noise by 'locking in'

generation pipeline? substantial margin as model capacity increases.

LLM Judge Performance: Agreement vs. Ranking Accuracy by Model Size & Protocol
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Model ICC(2,1) CCC Pearsonr Spearmanp MSE MAE Pairwise Pref. Acc.
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match Is not
estrictions,
items.
Outp Line 1:
core: - Line 2: reason: - No extra text.
| |

/3. External Aggregation (Proposed)
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