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Motivation
Human Annotators

Objective: Collect a dataset for research purposes containing different data types that
can be collected during annotation campaigns with error-prone, human annotators (e.g.,
crowdworkers).

Credit: Hollingsworth, John & Karen, USFWS
Media Usage Rights/License: Public Domain

Task Data Annotation Data
Task: 

Classify the animal 
shown in the image.
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Benchmark
Multi-annotator Learning

Multi-annotator learning approaches consider which class label originates from which
annotator to estimate the annotators’ performances (e.g., confusion matrices) for improving
neural networks’ generalization performances during training.

Graphical Model:

Benchmark: The empirical evaluation covers

7 dataset variants of dopanim with varying
noise rates and numbers of annotations per
instance,

9 multi-annotator learning approaches with
different assumptions regarding annotators’
performances,

3 evaluation scores in the form of accuracy,
Brier score, and top-calibration error.
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Conclusion
Takeaway and Links

Takeaway: dopanim is a multi-purpose image classification dataset supporting research in
many areas, e.g., noisy label learning, active learning, and learning beyond hard class labels.

marek.herde@uni-kassel.de

Dataset @ Zenodo
https://zenodo.org/records/14016659

Code @ GitHub
https://github.com/ies-research/
multi-annotator-machine-learning
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