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Motivations

ÅGenerate domain-specific data with diffusion models
ÅControl generated content with bounding boxes and labels
ÅBoost object detectors with synthetic images
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Challenges
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Method Overview
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Object-wise Conditioning Module
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Domain-specific Fine-tuning
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Text List & Image List
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Object-wise Conditioning Module
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Object-wise Conditioning
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Dataset Synthesis Pipeline
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Experiments on Specific Domains
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Real  MRI  Samples

Real Apex Game Samples

Real Robomaster Samples

Real Cotton Samples

Real Road Traffic Samples

Real Aquarium Samples

Real Underwater Samples


