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LLMs let us build explanation-based embeddings

Limitations: computational cost, potentially inaccurate

Other works using yes-no questions:
Style Embeddings (Patel et al. 2023); CHiLL (McInerney et al. 2023); Tree-Prompting (Morris et al. 2023); BC-LLM (Feng et al. 2024)



Explaining semantic representations is a fundamental goal of language neuroscience

Huth et al. 2016
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Outperforms baseline with only 35 questions

A small set of questions predicts well
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Each question yields a cortex-level selectivity map



Ongoing work: Causally test these explanations

Generative explanation-mediated validation (antonello*, singh* et al. 2024, arXiv)
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