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Motivation
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Contribution #1: Pose-agnostic Anomaly Detection Setting
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Challenges:
1) We lack anomaly detection datasets from multiple pose views of an object.

😟
- w/o Multi-pose views
- w/o Pose annotations
- Do not want to use point 

cloud data that is difficult 
and expensive to collect.
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Contribution #2: Multi-pose Anomaly Detection Dataset
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Contribution #2: Multi-pose Anomaly Detection Dataset
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Challenges:
2)  We lack criteria for evaluating the performance of pose-agnostic anomaly 
      detection models.

😆

But fair benchmarking？
🤐
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Contribution #3: PAD Benchmark
Feature Embedding-based
Reconstruction-based  
Pseudo-anomaly

Patchcore STFPM Fastflow CFlow Cutpaste

DRAEM FAVAE OCR-GAN UniAD
Cutpaste DRAEM
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Challenges:
3)  We lack a baseline method for pose-agnostic anomaly detection setting.

Contribution #4: OmniposeAD
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Experiments Result
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Experiments Result
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Experiments Result
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Thanks! 
Check out our paper/dataset on arXiv/Github：

🥳
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