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empirical attack from further lowering 

the empirical robust accuracy of a model
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𝑐∈𝒴

ℙ𝛿 𝑓 𝑥 + 𝛿 = 𝑐

𝛿 ∼ 𝑁(0, 𝜎2𝐼)

Natural idea explored by several authors: 
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Results

ℓ𝟐 radius (Imagenet) 0.5 1.0 1.5 2.0 2.5 3.0 3.5

Cohen et al. 2019 49 37 29 19 15 12 9

Ours 56 45 38 28 26 20 17

ℓ𝟐 radius (CIFAR10) 0.25 0.5 0.75 1.0 1.25 1.5 1.75 2.0 2.25

Cohen et al. 2019 61 43 32 22 17 14 10 7 4

Ours 73 58 48 38 33 29 24 18 16
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Thank you!

https://github.com/Hadisalman/smoothing-adversarial

https://decentdescent.org/smoothadv.html

Code:

Blog Post:

https://arxiv.org/abs/1906.04584Paper:

Follow me on Twitter ☺
@hadisalmanX

Today 10:45 AM -- 12:45 PM @ East Exhibition Hall B + C #24
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