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Motivating Example
-What’s the effect of exercise on cholesterol?

More exercise → Lower cholesterol

(for each age group)

Causation

1 2
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Can a causal diagram be learned from data?
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Relaxed 
CI Engine

1 Query

3 Diagram

2 Data
P(x, z, y)

Px(y |z)Q=

Solution
yes / no?

Based on the qualitative causal diagram (3) learned 
from data (2), is the causal effect (1) computable? 

Causal Learning
Effect is identifiable in every 

diagram in the equivalence class, 
 and with same expression!

• Research question: 

Px(y |z) = P(y |z, x) 👍
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•We develop an algorithm to identify conditional 
causal effects from an equivalence class of causal 
diagrams.
• This is the first general, entirely data-driven 

procedure for finding conditional causal effects 
available in the literature.
• To know more about it -- stop by our poster #186.

Thank you! "
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